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Health System Reluctance to Screen Study Objective Results
High rates of patients with prediabetes and few resources; if only we could prioritize... Implement in an EHR a predictive model for people with prediabetes that provides
(AMGA’s Together2Goal® Campaign) individualized benefit estimates for taking metformin or participating in the Diabetes
. o Prevention Program . . Table 2. Pre/Post-intervention referrals to DPP or metformin Rx among
Developing the Predictive Model Site #1 Site #2 high-risk patients, by site
A risk-stratified analysis of individual patient data from 32 clinical trials including a reanalysis of Diabetes Prevention Figure 1. Heterogeneity of Treatment Effect: DPP Study Table 1. Diabetes Risk Calculator
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Surveys: Pre-implementation focus groups and surveys with patients & providers S 30 SCORES
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Evalqatlon. Measures for Reach:‘Adoptmp, Maintenance (RE AII\/\.)5 (Figure 3); Pfe/post implementation surveys .% 21.4 ) diabetes progression for your patients with prediabetes?
(Figure 4); and assessment of “balance” measures, e.g., preventive care screening rates. 3% usual care 56.0% 90% 90%
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Figure 2. Predictive model results as displayed in EHR, high- and low-risk patients . .
Implications
* Only 3.7% of patients with prediabetes receive metformin; even fewer enroll in the DPP. Change is needed to engage patients and References
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